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ABSTRACT: 
This thesis examines the problems investors may encounter when using ESG data. The thesis 
uses literature to examine whether ESG data measures the right things and whether the data is 
of sufficient quality to be used to support investment decisions. The study also takes a position 
on how fragmented reporting and a lack of standardization can create information asymmetry. 
The review summarizes previous research and presents a few case examples, such as Case 
Volkswagen, to show that a high level of reporting by companies does not guarantee true re-
sponsibility. The results of the study suggest that limited data comparability, coverage, and in-
consistent metrics may lead investors to make incorrect assessments and allocate capital incor-
rectly. The study also emphasizes the importance of reporting frameworks and transparent data 
as part of efficient markets and responsible investing. 
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TIIVISTELMÄ: 
Tämä tutkielma tarkastelee, millaisia ongelmia sijoittajilla saattaa esiintyä, kun he käyttävät ESG-
dataa. Työssä perehdytään kirjallisuuden avulla tarkastelemaan mittaako ESG-data oikeita asi-
oita ja onko data tarpeeksi laadukasta käytettäväksi sijoituspäätöksien tukena. Työ ottaa myös 
kantaa siihen, miten raportoinnin hajanaisuus sekä standardoinnin puute voivat luoda informaa-
tion asymmetriaa. Katsaus kokoaa yhteen aiempaa tutkimusta sekä esittää muutaman esimerkki 
tapauksen, kuten Case Volkswagenin osoittaakseen, että yrityksien korkea raportointi taso ei 
takaa todellista vastuullisuutta. Tulokset tutkimuksessa viittaavat siihen, että rajoittunut datan 
vertailtavuus, kattavuus sekä epäyhtenäiset mittarit saattavat johtaa sijoittajia virheellisiin arvi-
oihin sekä väärään pääoman allokointiin. Työ korostaa myös raportointikehyksien ja läpinäkyvän 
datan merkitystä osana tehokkaita markkinoita ja vastuullista sijoittamista. 
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1 Introduction 

The quality, coverage, and content of ESG data are key factors when assessing how the 

data should be used and from whom it should be obtained. ESG data refers to various 

types of content related to companies' environmental, social, and governance factors. 

The purpose of the data is to assess responsibility and sustainability. The quality of ESG 

data refers to how reliable, accurate, and up-to-date the data is. Coverage refers to how 

extensively the data covers different themes and activities. Content, on the other hand, 

refers to what information data has about companies. The quality, coverage, and content 

of ESG data play a significant role in investment activities today. According to In et al. 

(2019), ESG data can be used to assess the behavior of the following factors: assets held 

by investors that can be used to steer returns toward specific risk factors products; pur-

chased by investors that provide access to the above-mentioned assets and risk factors, 

achieving the return targets of different investment portfolios, and obtaining indicators 

that show whether long-term investments are heading in the right direction. ESG data 

also plays a significant role in investment risk assessment. 

 

An important part of ESG is the metrics it encompasses. These are metrics that describe, 

for example, companies' emissions, water consumption, employee well-being, or gender 

diversity on the board of directors (Esgthereport, 2024). Investors are very interested in 

these indicators because, like ESG data, they can be used to a significant extent in invest-

ment decisions. In their article, Amel-Zaheh and Serafeim (2018) explain how investors 

actually use these factors in their investment decisions. They conducted a survey of va-

rious investors, who explained why they are interested in these indicators. The reasons 

mentioned include their impact on returns, the desire to invest ethically, and the growing 

importance of responsibility in the future. As many as 60 % of investors consider ESG 

factors to be relevant to investment returns. This explains why investors want to make 

increasing use of them and why it is important for them to be able to trust the quality of 

the data and metrics. This also includes ESG ratings, which are based on the aforemen-

tioned metrics. Responsible investors mainly use these, which may be problematic due 

to potential inconsistencies and varying quality of ratings, as will be discussed later. 
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All three of these factors are strongly interlinked, which is why it is extremely important 

to consider them as a whole. However, ESG data is the most important part of these 

three, as the metrics and ratings are based on this data. 

 

ESG data is indeed important, but there are also problems with its use that need to be 

taken into account. According to Jónsdóttir et al. (2022), one such problem could be the 

reliability of the data. They argue that a problem with ESG data may be self-reporting by 

companies, which exposes the data to distortion. This and other problems such as lack 

of standards, different methodologies, information asymmetry make it considerably 

more difficult to utilize ESG data in investment decisions. These raise the question of 

whether ESG data and ratings actually measure what they are supposed to measure and 

whether investors can rely on them sufficiently when making decisions. This is the core 

of the study, which will be discussed as the study progresses. 

 

1.1 Purpose of the study 

The purpose of this thesis is to examine how ESG data affects investment decisions and 

what problems there are in its use. The thesis focuses on a few main points, which are 

the impact of the quality, coverage, and content of ESG data on investment decisions 

and the problems associated with the use of such data. The thesis also highlights ESG 

metrics and ratings, as they are strongly linked to the data. The aim is to show that there 

are still many problems with ESG data, which distort investment decisions. It follows that 

there are shortcomings not only in the quality of the data but also in its standardization. 

The quality of ESG data can be considered poor for a number of reasons (Berg et al., 

2022; Cruz and Matos, 2023; Jónsdóttir et al., 2023). ESG data is generally considered 

poor because it does not measure what it should measure (Berg et al., 2022). ESG data 

often measures the same thing using different methodologies, which leads to investors 

not trusting its quality. According to Zumente and Lāce (2021), data cannot be compared 

with each other as a result of these factors. However, comparability is an important part 

of data quality. Data must be of high quality so that it can be used as part of investment 



9 

decisions and so that these decisions are not distorted by poor data (Liu, 2022). This 

leads to the first hypothesis: 

 

H1: Poor ESG data quality distorts investment decisions by providing investors with un-

reliable and inconsistent information. 

 

In line with this hypothesis, it is important to consider why the quality is poor, how it 

distorts investment decisions, and why ESG data is unreliable and sometimes misleading. 

In addition to quality, there are other problems associated with ESG data that undermine 

its reliability. Data standardization and uneven coverage create further problems for in-

vestors. Often, companies that are better able to report on their responsibility are more 

highly valued by investors (Grewal et al., 2017). These companies appear less vulnerable 

to various ESG risks to investors because they report as comprehensively as possible, 

even though this does not guarantee sustainability, as various greenwashing cases show. 

Drempetic et al. (2019) suggest that these companies are "rewarded" for this reason. 

Weak standardization allows companies to adopt this approach. This results in a situ-

ation where reporting practices guide investors rather than actual ESG performance, 

which is an example of information asymmetry. This leads to a second hypothesis: 

 

H2: Limited ESG data coverage and standardization deficiencies create information 

asymmetry, which leads investors to favor companies that report comprehensively over 

those that are truly responsible. 

 

These hypotheses are based on existing literature and studies on the poor quality of ESG 

data and the lack of standardization, which have been discussed most extensively in re-

lation to the quality of ESG data. Unfortunately, this topic is fairly new and there is not 

much research on it yet. There is much more research available on ESG ratings, which 

are often used in responsible investing. However, ratings are based on ESG data, so it is 

surprising that the topic has not been studied further. This, however, highlights the im-

portance of the topic and the need for further research. 
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1.2 Structure of the study 

The first section provides a brief overview of the topic and introduces ESG data and the 

benefits and challenges associated with its use. The aim is to familiarize the reader with 

the topic and generate interest. It also aims to show why the topic is important for in-

vestment decisions. In addition, the hypotheses and assumptions of the study regarding 

the validity of the claims are presented. 

 

The second chapter takes a closer look at what ESG data is, how it is used in investment 

decisions, why it is important, and highlights some of its problems. The third chapter 

discusses financial theories that are relevant to the topic of the thesis. 

 

The purpose of the fourth and fifth chapter is to provide a comprehensive review of the 

literature on the subject. The literature is analysed and it should inform conclusions re-

garding H1 and H2. The literature takes into account different perspectives and attempts 

to select works that are relevant to the subject. 

 

The purpose of the last chapter is to summarise the motivations, purpose, and findings 

of the research. This paragraph also considers whether the hypotheses presented at the 

beginning were realized.  

 

Various AI-based tools were used in writing this paper. The ChatGPT-4o and DeepL tools 

were used most extensively in writing the text. These tools were used for brainstorming 

ideas, language editing, and searching for sources, for example. Nothing has been copied 

directly from artificial intelligence, and all information provided by it has been verified, 

including the sources it provides. All text has been produced by me, even though artificial 

intelligence-based tools have been used. 
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2 Defining ESG data 

The term ESG refers to various environmental issues, management responsibilities, and 

corporate governance factors (Khamisu & Paluri, 2024). These factors are traditionally 

included in the definition of ESG. In practice, ESG data contains information provided by 

companies and estimated data on these factors. The main purpose of the data is to 

create ESG metrics that provide as accurate a picture as possible of a company's perfor-

mance in one of these three areas (Kotsantoni & Serafeim, 2019). ESG data is a broad 

concept, but ESG investing and the factors related to its use are strongly linked to it. To 

understand ESG data, it is important to highlight everything it contains. The most com-

mon ESG metrics used by rating agencies are described in the figure below. 

 

 

Figure 1. The most common ESG-metrics (GlobalTrading, 2023). 
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2.1 ESG data components 

ESG data consists of three different non-financial indicators: environmental, social, and 

governance (Park et al., 2022). All of these areas consist of data that measures compa-

nies' performance in each of these areas. The purpose of environmental data is to mea-

sure companies' environmental risks and opportunities (Saha, 2025). This may include, 

for example, carbon dioxide emissions, waste, water-related characteristics, biodiversity, 

forest-related factors, and impact on climate change. The purpose of social data is to 

measure the implementation of human rights and equality in companies' operations 

(Saha, 2025). This includes, for example, health and safety factors in the working envi-

ronment, the use of child labor, working conditions, employment levels, and product 

safety. Finally, administrative data refers to governance activities and decision-making 

(Saha, 2025). This data includes, for example, owner rights, board structure, tax practices, 

corruption, bribery, and compliance with business ethics. All these factors together form 

the basis for a vast amount of data which is complex to handle and understand. 

 

2.2 How is the data sourced 

Data is generally obtained from various ESG data providers (Liu et al., 2023). There are 

quite a few of these providers, but, as with credit rating agencies, for example, there are 

a few larger companies from which this data is often obtained. These include MSCI, Sus-

tainlytics, LSEG, and RobecoSam (Dell’Erba and Doronzo, 2021). Other major providers 

include ISS, Bloomberg, Reprisk, and S&P Global. In addition to these, there are other 

smaller companies that focus their ESG data on a specific area (Dell’Erba and Doronzo, 

2021). Examples of these include Clarity Ai, Inrate, and Upright Projects. These compa-

nies focus their data on environmental impact, for example. The Upright project, on the 

other hand, operates differently from traditional ESG data providers. They provide data 

that measures, for example, the environmental impact of companies as a net benefit or 

detriment to society. 
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These different service providers collect their ESG data in a few different ways, such as 

using self-reported sustainability data from companies, including sustainability reports, 

website information, and annual reports. Another common method is to search for data 

from non-profit organizations, such as the CDP (Carbon Disclosure Project). One of the 

newest methods for service providers is to use artificial intelligence and various machine 

learning models to create data that would not otherwise be available. Artificial intelli-

gence can be used, for example, to collect data (Lee et al., 2025). Another example where 

service providers often use artificial intelligence and machine learning is to model Scope 

3 emissions and ESG data from developing countries. There is often little data available 

on these, or they are difficult to measure, as in the case of Scope 3 emissions. Often, all 

these methods are combined in an effort to obtain the highest quality data possible. 

However, the data may still be of poor quality because its accuracy is difficult to verify, 

and AI-based estimates in particular can be unreliable.  

 

2.3 Use case of ESG data in investing 

ESG data has many different uses. It is utilized by various parties operating in the invest-

ment market. These include investors, banks, pension companies, and other asset ma-

nagers. The range is therefore broad, and as responsibility becomes increasingly impor-

tant, more and more parties want to utilize ESG data. 

 

Investors and asset managers use ESG data for purposes such as allocating investments, 

managing risk, and building portfolios (Pinchot and Christianson, 2019). This allows in-

vestors to build the broadest possible investment outlook or engage in responsible in-

vesting. 

 

Responsible investors also often use ESG data for screening, i.e., avoiding stocks that are 

involved in controversial activities such as the arms trade. There are several strategies 

for this, such as "best in class investing," active ownership, and ESG integration (Trinks 

and Scholten, 2015). These are all common ways of utilizing data, and they are often 
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combined with financial data to identify companies that are both responsible and have 

strong financial performance. 

 

Companies also use ESG data, but for slightly different purposes than investors. Compa-

nies often use this data to compare their sustainability performance with other compa-

nies in the same sector, to develop their own sustainability practices, and for ESG repor-

ting (Climatetrackerinitiavite, 2024). In this way, companies can improve their own ope-

rations and respond to various requirements. 

 

Credit institutions and banks often use ESG data to assess companies' responsibility and 

various risks. Banks and credit institutions often use ESG data to assess companies' va-

rious risk levels related to climate factors, particularly when granting credit. Nowadays, 

credit rating agencies often consider ESG issues in particular to be a potential risk to 

creditworthiness (Dogan et al., 2025). This shows that it is important for them to ensure 

that creditworthiness is not weakened as a result of ESG factors. Banks may also use ESG 

data to set ESG targets and integrate sustainability into all of their operational activities 

(UniCredit, 2025). 

 

All of the above parties also use data to comply with regulations and reporting require-

ments. As these requirements continue to grow, parties operating in the investment sec-

tor will increasingly need high-quality ESG data on their activities in order to meet the 

ever-increasing demands related to these factors. However, reporting and regulation are 

still relatively limited at present (Tsang et al., 2023). According to Bancel et al. (2023), 

ESG reporting is likely to be more regulated in the future. As a result, all parties are likely 

to be more willing to increase their disclosure and actions related to ESG data. 
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3 Theoretical background 

The research mainly deals with ESG data and its problems. However, it is also important 

to highlight traditional financial theories and, in particular, behavioral finance concepts. 

ESG data is strongly linked to information and is often used in investment decisions. Se-

veral themes that are strongly linked to these factors can be associated with the topic. 

The use of ESG data in investment decisions is reflected, by information asymmetry 

theory, (an important part of the second hypothesis), signaling theory and efficient mar-

ket hypothesis. These theories can be used to explain the effects that poor-quality ESG 

data may have on investment decisions. Traditional financial theories are rarely used in 

this subject, but they can be linked to it. They can be used to demonstrate the effects of 

poor-quality ESG data on decision-making. 

 

3.1 Visual model of theoretical framework 

The image below illustrates how the theoretical framework is reflected in the use of ESG 

data in investment decisions and how its cycle progresses. The purpose of the image is 

to provide a quick overview of the theories applied and how they relate to the hypothe-

ses (see Table 2).  

 

 

Figure 2. Visual model of theoretical framework. 
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3.2 Efficient market hypothesis and Information asymmetry 

The efficient market hypothesis (EMH) is a theory presented by Eugene Fama in the 1960 

s. In this theory, he argues that the prices of all assets reflect all available information at 

any given time (Fama, 1970). According to the theory, no one can beat the market by 

buying undervalued stocks or selling them at a high price. The only way investors could 

beat the market is by increasing their level of risk. According to the theory, arbitrage 

would also quickly disappear from the market and prices would return to normal levels 

as a result. However, there are several practical problems with the theory, and ESG data 

can be used to demonstrate this consequence in investment decisions. ESG data often 

suffers from inconsistency and poor transparency (Almeida Cruz and Matos, 2023). This 

may result in investors and companies having different access to actual information. This 

leads us to the next theory, which describes information asymmetry. 

 

George Akerlof's (1970) article entitled "The market for 'lemons'" discusses how infor-

mation asymmetry between buyers and sellers can lead to market failure (Long, 2023).  

The article illustrates this point using the example of used car sales.  Akerlof presents the 

issue as follows (1970): There are only four different types of cars: new and old, and good 

and bad ("lemons"). However, buyers do not know whether the car they are buying is 

good or bad. The probability that the car purchased by the buyer is good is q, and the 

probability that it is poor is 1-q. However, when you own a car for a certain period of 

time, it becomes easier to recognize how good the car is. A new probability arises, which 

in turn leads to asymmetry in the existing information (Akerlof, 1970). In this case, one 

party has more information than the other. 

 

ESG data can be thought of as functioning in the context of a car in Akerlof's example. 

The basic idea is that ESG data providers and the entities on which the data is based have 

more information available about the quality and accuracy of the data. Investors are 

therefore not necessarily able to distinguish between genuinely responsible companies 

and those that merely appear to be responsible. According to Wang and Nishihara (2025), 



17 

this is evident, for example, in the publication of companies' ESG data, as ESG metrics 

are difficult to interpret and companies may therefore only publish positive information 

related to responsibility. In this situation, companies have more information available 

than investors. This directly leads to investments in companies based on false informa-

tion, which distorts the information. 

 

This is a classic example of what can happen when buyers do not have reliable informa-

tion about the actual quality of a company's products. The theory is quite old, but it is 

relevant to the topic and can also be applied to the effects of ESG data. There are many 

similarities between ESG data and the example presented by Akerlof. 

 

3.2.1 How ESG data is related to Efficient market hypothesis and Information asym-

metry? 

ESG data can have both positive and negative effects on share prices. According to Yin et 

al. (2020), ESG performance have a direct impact on returns on shares. This proves that 

ESG data has a significant impact on stock prices. According to Fama (1970), stock prices 

should therefore already reflect the effects of ESG data, provided that such information 

is publicly available and reliably measured. The quality of ESG data should therefore be 

reliable in order for this condition to be met. However, the correlation between ESG ra-

tings is sometimes quite weak, ranging from 0.38 to 0.71, with an average of around 0.54 

according to Pearson's correlation coefficient (Berg et al., 2022). This is one indication 

that the quality of the data is poor. According to Berg et al. (2022), correlations vary 

between environmental, social, and governance factors. 

 

ESG data is therefore likely to be reflected in share prices and thus information asym-

metry could distort their price. The markets misprice shares, which means that Fama's 

claim can be said to be purely theoretical. ESG data may lead investors to make incorrect 

investment decisions. The markets therefore do not correctly assess the impact of ESG 

on stock prices. 
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Inaccurate ESG assessments and metrics also lead to a distorted picture of corporate 

responsibility. Investor interest in responsible investing has grown significantly in recent 

years (Kräusll et al., 2023). Data distortion also has an impact on this form of investing. 

Distorted sustainability data may give those engaged in responsible investing a false pic-

ture of companies. Companies may appear to be more or less responsible than they ac-

tually are. 

 

Wang and Nishara (2025) highlight how information asymmetry could be reduced. Ac-

cording to them, if companies were more transparent about their ESG factors, trust 

would increase and information asymmetry would decrease. This would be one way to 

improve trust, but as noted earlier, it would be unfavorable for companies, so they do 

not act in this way because they want to maintain a good public image of themselves. 

When companies have the opportunity to present their responsible actions in as positive 

a light as possible, they also do so in order to gain validation for themselves. 

 

Data providers that collect ESG data often collect data from companies' own reports 

(Jónsdóttir et al., 2022), and this problem has been identified previously. As a result, 

there may sometimes be too much data available, which reduces its quality. Companies 

often add data to reports that is not necessarily relevant, but makes them appear more 

credible. However, it is difficult for investors to see this, and information asymmetry ari-

ses again. Additional information that is not relevant provides investors with an increa-

sing amount of information that is not necessarily accurate. This further increases asym-

metry. 

 

According to Jónsdóttir et al. (2022), companies report what they want and try to only 

include positive things in their ESG reports, covering up negative factors. This, in turn, 

leads to "whitewashing" or "greenwashing," which is problematic, especially for inves-

tors. Bu et al. (2024) also identify the same problem, arguing that greenwashing leads to 

information asymmetry because investors are unable to recognize it. They also argue 

that this weakens market efficiency and prevents truly responsible companies from 



19 

being visible in the investment market. This leads to similar consequences as in the effi-

cient market hypothesis. 

 

3.3 Signaling theory 

Signaling theory is a theory presented by Michael Spence (1973) in which two parties 

have different opportunities to obtain information about a certain factor or have diffe-

rent information about a certain factor. The theory is also strongly linked to information 

asymmetry and, in practice, means the same thing, but in the light of a slightly different 

example. In his theory, Spence uses the labor market as an example. According to Spence 

(1973), employers do not immediately have the opportunity to know the productivity of 

a hired employee, and often identifying it requires learning. However, he argues that 

employers can assess employees using signals before hiring them. Employees can seek 

to prove their productivity through education, for example. Education increases credi-

bility in productivity, even though it does not necessarily correlate with it.  

 

Signaling theory is also highly relevant to ESG data. Spence's example illustrates well the 

situation investors often find themselves in when using ESG data. Spence's theory relates 

to the labor market, but it is applicable to the use of ESG data. Companies use ESG data 

to "signal" their responsibility to investors, but investors do not necessarily have access 

to all the same information that companies have. 

 

3.3.1 How is ESG data related to Signaling theory 

Signaling theory has many elements in common with the asymmetry problem. Many of 

the same factors also apply here as in asymmetric information. According to Di Chiaccio 

et al. (2024), companies try to signal to investors and stakeholders through sustainability 

reporting in order to gain credibility and trust. This factor also appears as a weakness in 

the quality of ESG data in this context. The information presented by a company may be 

false, and this may not necessarily be taken into account or considered. Companies often 

try to use strategies that do not publish incomplete financial data (Di Chiaccio et al., 
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2024). This sends the wrong signal to stakeholders and investors, which may distort their 

decisions. This is also clearly reflected in the data, as the companies providing it often 

use self-reported sustainability data (Liu et al., 2023). Whether investors use ESG data 

provided by service providers or obtain it themselves, the end result is the same: the 

data is distorted. 

 

The problem with ESG data is its poor standardization, which means that companies can 

report whatever they want (Lampinen, 2025). A good example of this is CSR reporting, 

which is often the source of ESG data. According to Christensen et al. (2021), standardi-

zing CSR reporting could have many positive effects for investors. This proves that stan-

dardization could prevent investors from receiving false signals from companies.  With 

standardization, companies would not be able to distort their own responsibility so easily.  

 

However, sending false signals is the rewarding approach for companies, as it allows 

them to present and send signals to investors about their responsibility. That is mis-

leading but it benefits companies because they gain more credibility. This is very proble-

matic and makes it difficult for investors to operate in the market purely from a respon-

sibility perspective. 

 

3.4 Behavioural finance and Cognitive biases 

Behavioral finance is an essential part of investment decisions, as investors often 

emphasize certain financial and information factors that are influenced by behavioural 

biases, such as heuristics or overconfidence. These factors are also linked to the use of 

ESG data in investment decisions. As previously noted, ESG data may be incomplete, 

complex, and unclear, which further emphasizes behavioral phenomena. Daniel Kah-

neman and Amos Tversky (1979) described several different biases that arise in different 

situations and how they affect people. Many of these factors also apply to the use of ESG 

data in investment decisions. According to Peon and Antelo (2021), people are prone to 

making mistakes when making various decisions. ESG data has the potential to expose 

people to making wrong decisions when investing. Factors contributing to this may 
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include, for example, sustainability trends and following others. The aim is to present a 

few behavioral patterns that are linked to this topic. 

 

3.4.1 Heuristic biases 

Heuristics refers to the mind's way of seeking opportunities to reach a decision more 

quickly without in-depth analysis and information gathering (Dale, 2015). Investors often 

use this approach when information may be unclear or contradictory. Investors often 

ignore some of the available information (Jain et al., 2023). This approach aims to speed 

up the investment decision-making process. The problem with this is that it often leads 

to distorted decisions (Jain et al., 2023). 

 

ESG data is often characterized by ambiguity in its methodologies (Richter, 2021). In such 

cases, heuristic biases are emphasized. Investors then seek ways to speed up investment 

decisions based on ESG data. However, this is quite problematic, as it rarely leads to the 

right decisions. As ESG data is very complex, it is important to have a deeper understan-

ding of it and to search for information on the responsibility of a particular company. As 

mentioned earlier, companies tend to embellish their responsibility, which means that 

the use of heuristics significantly affects the effectiveness of decisions. Decisions are 

overly influenced by incomplete data, which often leads investors astray and causes 

them to lose capital. 

 

There are several examples of this phenomenon, such as investors only looking at com-

panies' ESG scores. However, ESG scores often do not tell the whole truth about how 

companies operate. There is considerable variation in ESG scores between the compa-

nies that provide them (Bissoondoyal-Bheenick et al., 2024). In such cases, it would be 

wise to examine the matter closely and verify the quality of the ESG data behind the 

scores. However, this may not be done because it would significantly slow down the de-

cision-making process. This could result in a distorted investment decision. 
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3.4.2 Anchoring bias 

Anchoring refers to a phenomenon whereby people rely too heavily on certain informa-

tion (Andersen, 2010). Anchoring is a fairly common problem in financial markets and 

investing. Andersen (2010) describes this behavior as follows: price changes are often 

rigid, and as a result, investors anchor themselves to recent prices when determining 

overvaluation or undervaluation when considering investing in an asset. This phenome-

non can also often occur when investors use ESG data in the market. This leads to similar 

problems as in heuristic biases. 

 

When using ESG data, investors often rely on the information that is first available about 

a company's responsibility. According to Hanyu (2023), even if different sources indicate 

that the first ESG data they see is inaccurate, investors often rely on the original ESG data 

in their decisions. Research by Mahmood et al. (2024) supports this claim. Anchoring has 

a significant impact on investors' decisions. This is also linked to the use of ESG data, as 

Hanuy (2023) points out. As a result, the anchoring effect leads to the use of weaker data, 

even though higher-quality data may be available. This, in turn, means that decisions 

may be distorted by psychological factors. This is a fairly common problem with data, 

which investors may not even be aware of. These factors can have cross-sectoral effects 

on poor investment decisions. 

 

3.4.3 Availability bias 

Availability bias refers to an investor's tendency to rely on information that is easily ac-

cessible (Jain et al., 2023). Investors often exhibit this behavior because it requires less 

effort because they don't need to search extensively for information. However, this can 

be quite problematic, as it may lead them to overlook important and relevant data. This 

bias also applies to ESG data, where investors frequently rely on readily available infor-

mation and ignore potentially crucial sustainability data that would require more effort 

to obtain.  
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Publicly visible information often shapes people's perceptions and influences their acti-

ons. Lengthy ESG reports or widely publicized details about a company's sustainability 

practices can affect investment decisions. As a result, investors tend to use the most 

easily accessible ESG data, which may not always be accurate. This behavior closely re-

sembles the patterns described earlier. 

 

3.4.4 Overconfidence/Confirmation bias 

Overconfidence bias is a well-known concept in psychology, where individuals tend to 

overestimate their knowledge and abilities (Jain et al., 2023). This is also very common 

in investing, where many people assume they are more capable investors than others. 

Such overestimation can lead to misjudgments when selecting investments. This bias can 

also be observed in the context of ESG data. When engaging in ESG investing, investors 

may overestimate their understanding of ESG data, which can result in flawed decision-

making when choosing investments based on sustainability criteria. 

 

Often, investors who experience success in their investments may develop an overly po-

sitive perception of their own abilities, which can lead to increased trading activity (Ding, 

2025). A similar phenomenon can occur in the use of ESG data in investing. This bias may 

cause investors to be overly optimistic about their ability to interpret ESG data and sus-

tainability reports. However, as previously mentioned, ESG data is often complex and 

ambiguous, and using it effectively requires subject-matter expertise. Investors fre-

quently misunderstand this, leading to undesirable outcomes. 

 

This is especially evident among investors who are not particularly interested in ESG fac-

tors. According to Bhojnagarwala (2025), those who are not interested in ESG issues are 

the most likely to make erroneous decisions in ESG investing. They often overestimate 

their understanding of ESG factors, and this overconfidence leads to poor investment 

choices. 
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4 Qualitive and structural problems with ESG data in invest-

ment decisions 

One of the most common concerns regarding ESG data is its poor quality (Almeida Cruz 

and Matos, 2023). The quality of ESG data is affected by several factors, which can so-

metimes make it difficult to use as a basis for investment decisions. These factors may 

include lack of consistency, lack of transparency, data normalization, and the omission 

of certain ESG areas (Almeida Cruz and Matos, 2023). These and many other factors of-

ten emerge in studies and expert assessments of the use of ESG data in investment de-

cisions. This is reflected in the problems faced by investors. Companies often claim that 

they also have problems with these issues, and the problem cannot be considered to be 

solely the fault of the companies. Quality deteriorates as a result of multiple factors, 

which in turn easily leads to a decrease in its usability.   

 

Structural challenges with data are also often a problem, which can make it harder to 

use data for investment decisions. Structurally weak ESG reports make it way harder to 

get data (Zou et al., 2025). These quality issues are common reasons for exposing inves-

tors to misuse of data, as finding reliable data can sometimes be difficult. 

 

The purpose of this section is to present the potential problems that poor ESG data qua-

lity can cause for investment decisions. This is directly related to Hypothesis One, the 

implications of which will be presented. Hypothesis One has already been attempted to 

be proven in previous sections, and now concrete problems related to quality are added 

to the theory. 

 

4.1 Poor consistency of ESG classification 

The problem with ESG ratings is often their high variability between different service 

providers (Doyle, 2018; Berg et al., 2022). This often makes them difficult to use in in-

vestment decisions. According to Berg et al. (2022), ESG factors affect asset prices, so if 
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they indicate the wrong thing, it has a significant impact on investment decisions be-

cause that could limit their practical usability. This is reflected in the fact that investors 

are reluctant to use them themselves, as they may lead to wrong decisions.  

 

According to Doyle (2018), another significant reason why data can be considered weak 

is geographical favoritism towards companies from continents where the required level 

of reporting is higher. Many European countries may have requirements to report on 

certain sustainability factors in more detail, which means that assessments are more fa-

vorable towards companies located there. According to Kotsatonis and Serafeim (2019), 

for example, assessments are influenced by how much companies publish the sustaina-

bility data on which the ratings are based. These factors influence each other and indi-

cate that assessments are distorted as a result of reporting volumes.  This is also linked 

to Doyle's second argument, in which he suggests that larger companies are better able 

to produce sustainability reports. Investors are often unable to select the right data, 

which makes decision-making difficult (Kotsatonis and Serafeim, 2019). 

 

Thirdly, studies have often highlighted the weightings used in assessments and the in-

dustries in which companies operate. According to Doyle (2018), companies' assess-

ments are often based on incorrect weightings because they do not take sufficient ac-

count of the impact of the industry on the assessments, and thus industry-specific risks 

are often overlooked. Capizzi et al. (2021) identify the same phenomenon as Doyle. 

There is variation among different service providers in how much weight they give to a 

particular indicator in their scoring. This phenomenon can be observed in all ESG areas. 

However, it is most pronounced in the governance area (Capizzi et al., 2021). There may 

be significant differences between categories, so special attention should be paid to their 

use in decision-making. The study by Berg et al. (2022) highlights the differences bet-

ween the categories in concrete terms. According to them, the biggest differences bet-

ween data providers are seen in their responses to corruption and climate risks. This 

shows that particular attention should be paid to the assessments. 
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Another problem with ESG data and ratings is considered to be their comparability (Zu-

mente and Lāce, 2021). However, the comparability of these assessments is important 

because investors use this data when making investment decisions.  Ratings and data 

have been found to be poorly comparable, making it difficult to choose between provi-

ders and leaving investors unsure of how to use them. Correlations between ratings have 

been found to be low (Berg et al., 2022; Chatterji et al., 2016; Capizzi et al., 2021).  With 

low correlations, the variability in data quality can be considered significant. Data quality 

is important so that it can be used correctly to support investment decisions (Liu et al., 

2023). Based on these studies, it is difficult or even impossible to compare data. In light 

of these studies, investors should use data for which reliability is not guaranteed. This 

may lead to investors not wanting to use the data or having to make decisions without 

real confidence in the data. However, in responsible investing, it is practically impossible 

not to use this data, which may distort investment decisions or make it impossible to 

invest at all. 

 

4.2 Measurement and reporting errors 

Service providers use a variety of methods to collect and measure data. There are many 

ways to measure data, which can distort its usability and make it difficult to interpret 

(Jónsdóttir et al., 2022). Often, the problem lies in interpreting these methods, and it is 

difficult for investors to understand the basis on which the data has been collected. The 

methodologies used to measure and collect data are also difficult to interpret and may 

change rapidly (Świniarska, 2024). Together, these biases can lead to a decline in data 

quality, and studies often highlight the difficulty of interpreting data and the various 

measurement methods, which can be difficult to understand.  

 

Service providers often use data available from public sources, which, according to them, 

should comply with scientific methods of obtaining information (Chatterji et al., 2016). 

However, they argue that the problem often lies in the way service providers use diffe-

rent methods to evaluate exactly the same information. Chatterji et al. (2016) argue that 

this makes it very difficult for investors to assess the quality of the data in question. This 
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results in different emphases, which can distort the data, even if it appears to be correct. 

Liu (2022) highlights the same problem as Chatterji et al. in their study. Evaluating the 

same data using different methodologies exposes the data to distortion. This creates 

differences between the data provided by different service providers. Methodologies re-

lated to data acquisition are also highlighted in relation to this phenomenon. According 

to Lukács et al. (2024), ESG methodologies often contain many inconsistencies that may 

mislead investors. The methodologies are directly linked to the presented way of utilizing 

the same information in different ways. González-Pozo et al. (2024) and Benuzzi et al. 

(2025) highlight the same problem in their research. Methodologies are often difficult 

to interpret and may contain several inconsistencies (Lampinen, 2025).  This also affects 

investors' ability to interpret ESG data and use it in their investment decisions. Methodo-

logies should be more clearly aligned with each other so that investors can use them to 

understand ESG data more effectively and utilize it when selecting their investments. 

However, with the current methodologies, this is very difficult because investors cannot 

be sure of the quality of the data. This leads to a closely related problem concerning the 

availability of information and the size of companies (Benuzzi et al., 2025). 

 

The size of companies has a significant impact on the type of ESG data available, and the 

effects of size are often problematic. According to Dobrick et al. (2023), the size of a 

company has a significant impact on the score it receives from the service provider, 

which in turn has a direct impact on the quality of data investors can obtain about their 

investment targets. The study focuses on Refinitiv's data, but according to Dobrick et al., 

the phenomenon is generally observable. The findings support Doyle's (2018) earlier ob-

servations on size biases in ESG ratings. Size biases have been found to directly affect 

investors, for example, in the creation of portfolios, because more information is 

available, investors allocate capital to these companies, even though the data may not 

necessarily be reliable. Drempetic et al. (2019) point out in their study that the size of a 

company has a significant impact on its ability to report ESG data, which also causes a 

bias in the use of data. This leads to the next data problem, where companies that report 

more do not necessarily operate more responsibly in reality. 
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Drempetic et al. (2019) suggest that the size of companies often affects data quality, as 

larger companies are significantly better equipped to produce ESG data that can be used 

by all stakeholders. Service providers often reward companies for this, which is directly 

reflected in their ESG ratings. This is also a way of demonstrating responsibility to inves-

tors and other stakeholders, even if there is no correlation between them. In their study, 

they also point out that what the data (responsibility reports) contain is not important, 

but rather that it is produced. Gold and Heikkurinen (2017) also point out in their study 

that maximum transparency does not actually guarantee that a company will operate 

responsibly. This shows how difficult it is for investors to identify and find responsible 

companies when selecting their investment targets. As a result, the entire field of res-

ponsible investing may be jeopardized, as large companies receive more approval from 

data providers (Drempetic et al., 2019). This does not create added value for investors, 

and their decisions may be based on poor-quality data. This is also evident in the fact 

that companies are often selected for responsibility-based funds based on size bias. As 

a result, these funds may end up including Sin stocks, which responsible investors seek 

to avoid. This happens because larger companies may report better on their responsibi-

lity based on their size, even if they have activities related to controversial issues. 

 

4.3 Subjectivity and uncertainty in data sources 

ESG data sources often vary considerably, and their interpretation is rather subjective, 

as their underlying principles are not always easy to understand (Mayer and Ducsai, 

2023). This is one concern that is often discussed in studies. However, the interpretation 

of data is important for its usability, so understanding it is quite essential. The main sour-

ces of ESG data are usually the information reported by the companies themselves (Vi-

salli et al., 2023). According to them, this is problematic because the data may be distor-

ted as a result of self-reporting, as companies can choose what they report due to weak 

standardization. As a result, the data is not transparent and difficult to use as a basis for 

decision-making. The reliability of the data suffers, and it is impossible to be certain 

whether the data is of high quality or not.  
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According to Bongermino and Romagnoli (2025), the scarcity of ESG data exposes inves-

tors and other stakeholders to the use of subjective data, as it is difficult for them to 

operate in the market based on data alone. This phenomenon has also been observed 

in several other contexts, where investors are required to rely on subjective data when 

making various investment decisions. This phenomenon is also strongly reflected in the 

sources from which the data is obtained. Shi and Yao (2025) highlight how service provi-

ders may select data sources on this basis. This phenomenon is also often reflected in 

the data used by investors. Each party using the data has to interpret it to a considerable 

extent, which may lead to distortions in decision-making. The quality of the data cannot 

therefore necessarily be relied upon, and the risk of misinterpretation further exacerba-

tes this phenomenon. This phenomenon is further exacerbated by cognitive biases, 

which were highlighted in the theoretical framework (Shi and Yao, 2025). For example, 

availability bias is evident in this phenomenon, as investors often use the sources that 

are first available.   

 

As the data is largely based on companies' self-reporting, it is rather difficult to measure. 

Furthermore, based on the sources presented, the data cannot be considered very ob-

jective, and it is rather difficult to verify. On this basis, the data can be considered sub-

jective. Comparing data is also difficult based on these and the above-mentioned examp-

les (Liu et al., 2023). The sources used by service providers vary greatly and, as a result, 

often cannot be interpreted correctly. Kotsantonis and Serafeim (2019) suggest that the 

data can be considered "judgment-based" because the reliability of the data depends as 

much on the methodologies as on the actual operations of the company. It is therefore 

important for investors to be aware of the limitations of the data and to bear in mind 

that, due to a number of factors, the information may be more limited than is implied. 

 

4.4 Data dynamism and temporal instability 

ESG data is sensitive to change, and its criteria and assessment methods may change 

rapidly (Eskantar et al., 2024). ESG data can therefore be considered fairly dynamic, 
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which makes its assessment more difficult. According to Eskantar et al. (2024), data 

should be approached with an awareness of its rapid changes. Data and rating methodo-

logies are also sensitive to this, as noted by Liu (2022), Chatterji et al. (2016), and Lukács 

(2024). Rapid changes in data may expose investors to making wrong decisions, as data 

changes quickly and ESG metrics are highly volatile. Reliable metrics should be more 

stable over time, unless the company's operations actually change. However, ESG data 

and assessments often change based on the decisions of service providers rather than 

on how the company actually operates (Escrig-Olmedo et al., 2019). As a result, the data 

does not measure what it should measure. 

 

ESG ratings have a rapid impact on the markets and often change very quickly, which 

means that investors need to be careful when using the data. According to Cauthorn et 

al. (2023), investor behavior changes as ESG ratings change. Investors begin to use diffe-

rent investment strategies because they feel that these affect the potential profits they 

can make by reacting to changes. As a result of rapid changes in data, this can have a 

significant impact on their investment decisions. This phenomenon is due to the practi-

ces of service providers. According to Berg et al. (2022) change in ratings are not due to 

actual changes in companies but to changes in methodologies. This phenomenon was 

demonstrated in 2018 by a change in the methodology of one major service provider, 

which changed estimates by almost 20 % (Berg et al., 2021). Given the magnitude of the 

change and the absence of significant changes in the operations of the companies asses-

sed, this can be considered alarming. The changes also affected historical results, comp-

romising the reliability of the data. The changes in the data may have led investors to 

use incorrect information in the past, which may have distorted their decisions. The in-

dicators therefore do not necessarily reflect reality, meaning that investors cannot use 

them reliably. As Cauthorn et al. (2023) point out, rapid changes in data affect investors' 

decision-making; if the changes were random and occurred at longer intervals, this prob-

lem would not arise. Data is therefore not very reliable, as changes in its quality cannot 

really be predicted in any way. 
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4.5 Relation to H1 

In summary, the first part of the literature review provides strong evidence that H1 is 

correct. Several problems have been identified in ESG data, as demonstrated in the first 

part of the review in light of existing literature and research. All of the studies used high-

light problems with the quality of ESG data. In most cases, the data is not reliable enough 

to be used without significant risk to support decision-making.  Not all studies take a 

position on the investment perspective, but they prove and systematically review the 

data quality problem, which is why they have been included in the review. The selected 

studies provide strong support for hypothesis 1 and take into account several different 

ESG areas. 

 

All of the selected studies present the quality of ESG data as poor, and no literature was 

found to refuse their claims. According to the literature used, the quality can be consi-

dered poor as a result of structural problems such as poor consistency, measurement 

and reporting biases, subjective criteria, and temporal instability. The purpose of H1 was 

to prove, first of all, that the quality of the data is too poor, and this can be confirmed 

based on the literature used. The poor quality is also supported by theoretical conside-

rations, such as cognitive biases, which amplify the impact of unstable data on investors. 

 

According to H1, weak data should also distort investment decisions. This point was of-

ten raised in the studies used. For example, Cauthorn et al. (2023) and Bongermino and 

Romagnoli (2025) argue that data is very important for investors' decision-making, which 

means that data should be of high quality in order to be usable. However, the above-

mentioned studies conclude that data creates uncertainty about the accuracy of infor-

mation, making it difficult for investors to use data correctly. Data is measured using dif-

ferent methodologies and measurement methods, which means that it is not consistent 

and does not necessarily reflect actual responsibility. This increases information asym-

metry and sends false signals to investors, thereby compromising the market's ability to 

interpret and price responsibility in a natural way. This leads to H2, which is discussed in 

the next section. When all these factors combine, structural weaknesses can lead to 
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incorrect decisions, false perceptions of risk, and suboptimal investment decisions. It can 

be said that the literature supports the validity of the first hypothesis by combining all 

the assumed parts of the argument. 
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5 Lack of standardization in ESG reporting and information 

asymmetry 

One of the biggest problems with ESG data is considered to be data standardization, as 

it is weak and insufficient (Liu et al., 2024). Although there are various standards for ESG 

data, the problem often arises from their voluntary use and application. Data must be 

reliable in order for its use to be worthwhile. One factor that prevents this is the lack of 

reporting standards. According to Cortin and Esty (2020), one way to avoid data ambigui-

ties would be to improve standardization for ESG data acquisition and quality assurance. 

This would help to avoid at least certain problems related to data quality and the resul-

ting information asymmetry. 

 

There are frameworks for ESG reporting, but they are not universal. Different standards 

contain different objectives, metrics, and emphases, which can make them difficult to 

compare and interpret. This issue is closely linked to the previously mentioned lack of 

consistency in methodologies (Lukács et al., 2024; González-Pozo et al., 2024; and Be-

nuzzi et al., 2025). One major reason for the differences in methodologies is the lack of 

standards. Methodologies also have a significant impact on data quality. As a result, in-

vestors may have access to incorrect data, compromising their ability to evaluate com-

panies. Eccles and Stroehle (2018) highlight the same problem as presented in the hy-

pothesis 2, namely that ESG data tends to create information asymmetry between com-

panies and investors. This may indicate that the standards are open to interpretation. 

This, in turn, may lead to investors being unable to find truly responsible companies 

when they want to. 

 

Weak standardization also has a direct impact on market efficiency, as discussed in the 

theory section. Weak ESG ratings and data have been found to affect, for example, stock 

volatility (Brandon et al., 2021). This illustrates the potential impact of poor data on the 

pricing of sustainability (see section 3.1). This factor also indicates the existence of infor-

mation asymmetry. One explanatory factor for this phenomenon is the poor 
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standardization of ESG data. Reporting does not always reflect actual sustainability, as 

companies can circumvent this by embellishing reality. 

 

The purpose of this section is to prove the existence of H2. H2 is proven using existing 

literature and finding connections to it. The phenomena presented at the beginning of 

this section are concrete and form the central basis for this section. The quality of the 

ESG data presented in section 4 has already been found to be poor in the light of the 

literature, and this section continues from there and takes up a more concrete pheno-

menon, the asymmetry of information presented earlier. 

 

5.1 Fragmentation of reporting frameworks 

There are a large number of ESG reporting frameworks, and there is considerable va-

riation between them. Different reporting frameworks take different factors into account 

and often approach them from different perspectives. Some of the more common stan-

dards are following: GRI is widely known around the world and provides various standard 

for organizations that they can use in their operations. Its purpose is to be universal and 

suitable for all organizations regardless of size (Sustainability Directory, 2025). Sustaina-

bility Accounting Standards Board (SASB) standards are industry-specific and, for 

example, emphasize industry-specific metrics (Sustainability Directory, 2025). Task Force 

on Climate-related Financial Disclosure (TCFD) standard focuses only on climate-specific 

indicators (Sustainability Directory, 2025). This already shows how different these stan-

dards actually are. These presented standards are only a small sample of all those that 

exist. The standards are not universal, and companies can use those they see as best 

serving their interest. According to Cortin and Esty (2020), this phenomenon is also ob-

servable in practice. For example, TCFD gives companies too many opportunities to se-

lect data that suits them, according to them. This illustrates how difficult it is for investor 

to choose companies based on genuine responsibility. As a result, reporting between 

companies is very different, even when they use the same reporting framework (Cortin 

and Esty, 2020). The information may therefore be very different even if it is meant to 
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describe the same thing. Investors thus find it difficult to detect this phenomenon, which 

may create information asymmetry between investors and companies.  

 

In terms of reporting, the weakness of standards in measuring certain factors, such as 

labour conditions, has also often been raised in discussions. According to Eccles and 

Stroehle (2018), proper standardisation does not exist when talking about certain factors. 

This is quite problematic if none of the reporting frameworks can provide objective 

guidance on how, for example, labour-related indicators should be measured and repor-

ted. Chopra et al. (2024) present the same issue in their article. According to them, ESG 

reporting and the related data suffer from significant problems because everyone uses 

different methodologies and measurement practices, since there are no universal fra-

meworks that all parties would use. According to them, this may lead to unclear and 

even incorrect data. This is problematic because investors do not, as a result, have access 

to accurate data, which may lead to information asymmetry and weak investment de-

cisions. 

 

When companies take advantage of this problematic situation caused by differing met-

hodologies and weak standardisation, they can choose the reporting method that is 

most favourable to them, which in turn leads to systematic selection and reporting bias. 

Fagbemi et al. (2025) highlight these problems in their study. According to them, stan-

dardization is still insufficient, which leads to the problems mentioned above. A good 

example of this is a hypothetical case where two companies report according to different 

standards, such as SASB and GRI. These reporting frameworks emphasise different fac-

tors, making it very difficult to produce comparable evaluations. The fragmentation of 

the frameworks may increase information asymmetry and uncertainty, which in turn 

supports H2. The ability of companies to choose their own reporting standard therefore 

likely results in lower-quality data and makes investment decision-making more difficult 

for investors. 
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5.2 ESG Industrial Materiality 

The industry-specific materiality perspective of ESG is considered an important part of 

ESG assessments (Madison and Schiehll, 2021). This refers to how certain areas should 

be weighted when evaluating the responsibility perspective of a company or an industry. 

The problem is often the limited attention that service providers pay to materiality (Ma-

dison and Schiehll, 2021). For this purpose, various reporting frameworks such as SASB 

have been developed, but the problem is that they are not systematic enough. Olu-

wakemi and Mishelle (2025) highlight the same issue. Deficiencies in materiality and un-

clear reporting frameworks weaken the transparency and usability of ESG data. In com-

pany evaluations, materiality problems may distort investment decisions (Madison and 

Schiehll, 2021). As a result, industry-specific ESG issues should be assessed more on an 

industry basis instead of relying only on generic ESG scores. 

 

Risks vary significantly between industries, and therefore they should be better taken 

into account as part of ESG data and ratings. In the energy sector, for example, key risks 

include non-renewable energy sources, while in the industrial sector the key risks relate 

to labour conditions and safety measures (Egorova et al., 2024). The main issues in these 

industries therefore differ from each other quite substantially, even though they may 

include some of the same risks. ESG scores may not provide a comprehensive overall 

picture if they do not attempt to account for industry-specific differences. Matakanye et 

al. (2021) state in their study that ESG data should better and more comprehensively 

reflect industry-specific perspectives so that investors have access to better and more 

comparable data. Traditional metrics used by investors to evaluate companies do not 

necessarily give an accurate picture of the risks and quality of a specific industry. It is 

therefore difficult for investors to identify industry-specific companies that operate res-

ponsibly enough according to their preferences. This may expose investors to investing 

in companies that do not actually operate responsibly. 

 

The SASB materiality map illustrates well how sector-specific assessments are relevant 

and why more attention should be paid to them. The purpose of SASB is to help 
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companies identify and manage ESG data in a reliable and comparable way across diffe-

rent sectors (Madison and Schiehll, 2021). It divides ESG issues into five categories and 

26 specific issues. The standards are industry-specific, which makes them more suitable 

for comparison than generic ESG descriptions. Below is a figure that illustrates this more 

clearly (See Table 3). 

 

 

Figure 3. Materiality map (SASB,2018). 

 

In the figure, the areas that have the greatest impact on the specific industry are high-

lighted. This shows concretely which ESG factors are material in certain industries but 

not necessarily in others. This demonstrates that the claims made in the literature about 

the importance of materiality are not merely theoretical. As a result, a single ESG score 

is not sufficient, because it does not adequately account for the diversity of industries. 

When investors rely only on a generic ESG score without proper industry-specific consi-

deration, it may easily lead to incorrect evaluations of companies. By overlooking these 

factors, investors may invest in companies that are not actually operating responsibly 

and, on this basis, make a poor investment decision. This supports H2, because investors 

may not necessarily have access to data that is relevant for their decision-making. 
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5.3 Information Asymmetry and ESG reporting 

Several of the same issues that affect the quality of ESG data also contribute to the 

creation of information asymmetry. Information asymmetry often arises from the very 

same reasons that cause the previously mentioned poor data quality, namely the prob-

lems related to reporting, which are also connected to the lack of standardisation. Ac-

cording to Grewal et al. (2017), mandatory ESG reporting especially benefits companies 

that have better opportunities to report on responsibility-related factors. The earlier pre-

sented articles by Doyle (2018) and Drempetic et al. (2019) also support this claim. Com-

panies with greater resources have better possibilities to report on the essential ESG 

factors that investors and stakeholders value. This is strongly related to data quality, but 

it also causes information asymmetry in the markets, which is why it is important to 

highlight it in this context as well. Liang and Renneboog (2020) also emphasise size as a 

major issue in ESG data. Many studies confirm the existence of this phenomenon. There 

is therefore a clear problem in the market from which larger companies benefit, because 

reporting frameworks do not at all standardise the effects of company size. However, 

this does not prove or mean that companies that report more are actually more respon-

sible, even if it easily gives that impression. Various cognitive biases reinforce this phe-

nomenon. As a result, investors may more easily invest in companies based on incorrect 

information, even if those companies are not actually as responsible as they appear to 

be. This leads to a situation where investors may “punish” companies for a lack of data. 

 

According to Liu et al. (2024), companies that disclose more ESG data generally receive 

more appreciation and their operations may be regarded as high-quality because they 

report more. They argue that one reason why there are differences between companies 

is the so-called missing data. In such cases, data users fear that the company contains 

more ESG risks, which results in lower valuation for those companies. These factors may 

lead to information asymmetry between investors and companies. Christensen et al. 

(2021) propose in their study that reporting frameworks could be very useful at a certain 

level, even if they might lead to some problems. The lack of standards may lead investors 

to use the amount of reporting as a metric for a company’s responsibility. This may, 
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however, be misleading, because the use of standards is largely voluntary. This claim is 

supported by the fact that broad ESG disclosure strengthens investors’ perceptions, and 

because of this they reward such companies (Siew et al., 2016). Companies that report 

less may therefore be excluded from investment evaluations simply because they do not 

report enough. Siew et al. (2016) argue that the disclosure of ESG data affects informa-

tion asymmetry, and therefore more regulation would be needed to define what ESG 

data should be like. This would better ensure that everyone has equal access to high-

quality information. The lack of regulation thus has a significant impact on the creation 

of information asymmetry. The phenomenon is further reinforced by the tendency of 

ESG data providers to act similarly to investors. As Drempetic et al. (2019) state, service 

providers also reward companies for the broadest possible disclosure. In the eyes of the 

market, this often signifies more responsible behaviour and may lead to distorted con-

clusions. 

 

The same phenomenon occurs when discussing companies operating in developing 

countries. According to Cahan et al. (2016), companies located in developed countries 

report more and better on their responsibility. Doyle (2018) highlights the same issue. 

Investors therefore often consider companies more responsible when they have better 

capabilities to report ESG-related factors. Companies operating in developing markets 

do not have equally extensive possibilities to report on these factors, even though they 

may act more responsibly than some companies operating in developed markets. For 

example, Meng et al. (2025) note that in the Chinese market, some companies in the 

energy sector disclose much more comprehensively than companies in the same sector 

in the United States. However, these companies do not receive the same level of atten-

tion because standardisation differs across countries. This illustrates why more standar-

disation between countries is needed in order to harmonise the differences (Meng et al., 

2025). In this way, investors would have better opportunities to invest in truly responsi-

ble companies and avoid misleading information. 
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Overall, it can be said that all the mechanisms presented together expose investors to 

using data that is abundant rather than data that is actually high-quality and accurate. 

Companies that have the ability to disclose as comprehensively as possible benefit the 

most from this, and they appear more responsible regardless of the reality. This descri-

bes how the lack of standardisation and the extent of data disclosure lead to information 

asymmetry, because the investor cannot easily detect the company’s actual level of res-

ponsibility. This supports H2. 

 

5.4 Examples of the consequences of poor ESG reporting practices 

Market scandals can clearly demonstrate the consequences that may arise when ESG 

reporting and data are not properly monitored. The problem culminates in the pre-

viously discussed outcomes resulting from information asymmetry and weak standardi-

sation. Broad reports and ESG scores do not guarantee actual responsibility. 

 

Jung and Sharon (2019) describe in their article the 2015 Volkswagen scandal. In this 

case, the company attempted to pass certain emissions tests through the use of equip-

ment. In 2014, Volkswagen was one of the leading companies in terms of responsibility 

and was included in RobecoSAM’s gold classification, the highest possible rating (Robe-

coSAM, 2014). This demonstrates how misleading reporting can result in high ESG ratings. 

In reality, Volkswagen was not acting responsibly. It engaged in greenwashing and mani-

pulated its ESG data to appear better in the eyes of investors. As a result, it is extremely 

difficult for investors to verify the responsibility of companies using only ESG data. This 

could possibly have been prevented with more effective reporting frameworks, which 

would have made it harder for Volkswagen to engage in such blatant greenwashing. The 

scandal had severe consequences for investors, as the stock price dropped by 40 % (Jung 

and Sharon, 2019). Cases like this demonstrate that information asymmetry exposes in-

vestors to poor investment decisions. Investors likely would not have traded or trusted 

the company if they had access to accurate information. Investment decisions also could 

not have been properly allocated to a truly responsible company. 
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Another illustrative example is the operations of fast fashion companies. According to 

Turker and Altuntas (2014), for instance, H&M reports extensively on its responsibility 

practices. The company emphasises circular economy, labour conditions, and ethical 

supply chains. In this way, it seeks legitimacy from the market and projects an image of 

responsibility, even though the reality may be different. This does not prove actual res-

ponsibility, and reports of all responsible actions are often exaggerated (Turker and Al-

tuntas, 2014). Companies benefit significantly from operating in such markets and are 

aware of it. This also demonstrates the biases associated with extensive reporting. Simi-

lar to the Volkswagen case, extensive reporting is used to create an impression of res-

ponsibility for investors. It may be difficult for investors to detect this, and they may in-

vest in seemingly responsible companies. Information asymmetry arises between the 

company and investors because investors do not receive all the same information as the 

company. 

 

A final example of greenwashing is the case of BP. The company experienced a serious 

oil accident, yet at the same time promoted itself as responsible (Cherry and Sneirson, 

2011). Due to this promotion, the company gained a very good reputation and led ran-

kings in several responsibility metrics. This clearly illustrates the phenomenon in which 

the outward appearance is very different from reality. The same issues arise as in the 

other cases. Companies often use responsibility reporting to manage reputation and le-

gitimacy rather than to reflect true responsibility. Companies can use this tool because 

proper standardisation does not exist, allowing them to embellish and improve their ap-

parent responsibility practices. This directly affects the quality of ESG data, as the pri-

mary source is often the companies’ own reports. These factors are connected to Hypot-

hesis 2, because investors often do not have access to actual data, which prevents them 

from identifying companies that truly operate responsibly. 
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6 Conclusion 

This thesis examined from various perspectives how ESG data influences investment de-

cisions and what kinds of problems it entails. The aim was to find evidence for the hy-

potheses and prove them either false or true. Chapter four discussed how quality and 

structural problems with ESG data are reflected in investment decisions. The fourth 

chapter dealt with the lack of standardization in terms of responsibility and the related 

information asymmetry. The purpose of the selected hypotheses was to highlight the 

most critical problems in the use of ESG data with the help of financial theories and lite-

rature. 

 

The findings in section four provide strong evidence for hypothesis 1. It can be concluded 

that poor-quality ESG data makes investment decisions difficult and may even distort 

them as a result. According to the literature, when data and ratings contain numerous 

shortcomings and inconsistencies, it becomes difficult to use the data. No literature was 

found that would present the data as completely objective, which supports the claim 

that there is a problem. However, ESG data is often more complex than traditional finan-

cial data on companies. Certain areas are much more difficult to measure in terms of 

ESG issues, such as Scope 3 emissions, which contain a significant variable. It can be said 

that the problems with the data are not solely due to a lack of willingness to correct 

them. However, the data is constantly evolving and increasingly better reflects what it is 

supposed to describe. However, it is impossible for responsible investors not to use this 

data, which exposes them to the risk of false information. The problem can therefore be 

seen in light of this evidence. 

 

The findings in section five can also be said to indicate the existence of hypothesis 2. 

According to the literature, there are still several shortcomings in data standardization 

and coverage. Standards do exist, but they are not universal, and as a result, there are 

several differences in companies' reporting frameworks, and there may be no reporting 

available at all from developing countries because standards are not in use. As a result, 

investors may not be able to obtain the same information on sustainability as companies 
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have on their operations. Overly liberal reporting exposes companies to publishing data 

that is favorable to them, thereby creating a better image of the company for stakehol-

ders. The greater financial capacity of larger companies to produce more comprehensive 

sustainability reports exacerbates this phenomenon. Better reporting does not guaran-

tee true sustainability, as the literature suggests. This may mislead investors, especially 

responsible investors, due to a number of factors. Examples from the market, such as 

Volkswagen's Dieselgate scandal, clearly illustrate the existence of this phenomenon. 

The hypothesis can be said to be true, but it should be noted that not all companies 

operate in this way. Investors should be aware of the possibility of this bias, but not as-

sume that it exists in every case. It is likely that this phenomenon will also disappear in 

the future as a result of universal standards. 

 

The study also shows, in light of theory, that the phenomena observed do not occur 

randomly, but are also demonstrated quite well by financial theories. In particular, infor-

mation asymmetry, signaling theory, and behavioral finance are well suited to describing 

the quality problems of ESG data. Information asymmetry, for example, describes how 

investors and companies may have different information about a company's actual res-

ponsibility. Signaling Theory, on the other hand, illustrates well how companies can use 

ESG data to demonstrate their responsibility by sending "signals" to investors and thus 

gaining their trust. Behavioral finance, in turn, illustrates how behavior further exacer-

bates these existing problems.  These theories help explain the existence of these phe-

nomena. 

 

However, ESG data is essential for certain types of investors and, despite the problems, 

can be considered an important part of investment activities. In the future, however, it 

should be possible to remedy the problems that have been identified. It would be im-

portant for researchers to focus on finding solutions to these problems. Several studies 

already present possible solutions, such as a universal reporting framework and various 

technological solutions, such as artificial intelligence. In conclusion, the study provides 



44 

strong evidence for the hypotheses, but their existence should be viewed with caution. 

However, they do not apply in all situations. 
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